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1. Introduction 
Mobile phones have rolled into a vital tool for everyday life, opening the door for expanding banking services to 

serve the unbanked people through mobile banking (Amin et al. 2021; Kabir et al., 2020). Combining two of the most 
incredible technological advancements, the mobile phone and the internet, enables the banking sector to perform 
wireless banking operations (Barnes & Corbitt, 2003). The use of a smartphone to conduct monetary operations is 
known as mobile banking. Some financial companies, primarily banks, provide this service. From the previous 
research, the use of emerging digital technological innovations, such as telebanking, digital and mobile banking, and 
fintech has helped to provide new experiences (Harris & Wonglimpiyarat, 2019). In this connection, ease, accessibility, 
efficiency, profitability, efficacy and clarity of financial sector procedures have helped the industry solve some of the 
typical problems connected with enabling transactions across multiple sectors (Osmani et al., 2021). Still, there are 
some crucial factors in people's minds that created the need for more transparent mobile banking. If we could bring a 
new technology that is more transparent, it would get more popularity (Kabir, 2021). Blockchain technology (BT) can 
play an emerging role in this regard. 

Blockchain is a decentralised, digital ledger that allows for safe business transactions, tracking and bitcoin 
transfers. Users can capture and share a broader understanding of a system's status across a decentralised system using 
this technology (peer-to-peer ledger system). Blockchain technology facilitates value transition and makes digital 
transactions more reliable than typical payment methods (Harris & Wonglimpiyarat, 2019). Blockchain is an up-and-

Abstract: This study attempts to explain the factors influencing blockchain-based mobile banking acceptance in 
Bangladesh. Based on a technology acceptance framework termed UTAUT2 (unified theory of acceptance and use 
of technology 2), an enhanced model with a mediating variable is built for this research. Data were collected from 
the first-ever blockchain-based mobile banking stakeholders in Bangladesh called 'UPAY' by applying a structured 
questionnaire. Structural equation modeling was then processed using Smart-PLS. There are eight direct 
hypotheses and one mediating hypothesis in this research. The findings reveal that all of the direct hypotheses 
except the impact of social influence on the behavioural intention (BI) to use blockchain are statistically 
significant. The mediating role of BI in the connection between facilitating conditions (FC) and actual blockchain 
use is also supported. The combination of FC and BI contributes to 88.8% of the variation in blockchain usage 
behaviour for mobile banking adoption. The findings of this study can help banking regulators devise a strategy for 
engaging a significant number of banks to create a blockchain-based mobile banking platform. 
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coming and transformative technology since it reduces risk, eliminates fraud, and provides transparency in a scalable  
manner for a wide range of applications (Kabir & Islam, 2021). Moreover, it is a distributed ledger that contains data 
encryption blocks and links them together to build a sequential solitary for the information. Instead of being duplicated 
or transmitted, digital assets are dispersed, resulting in an irreversible record of the item. The asset is segregated, 
enabling complete real-time ingress and disclosure to the population. Blockchain's robust security features and the 
nature of a public ledger made it an excellent platform for almost any industry (Kabir et al., 2021). The fundamental 
goal is to let people who do not know each other communicate vital data safely, adulterate. Blocks, nodes, and miners 
are the three main ideas in the blockchain.  

Blockchain-based applications are available to contribute for many sectors, including the development of digital 
payments that do not rely on a centrally controlled entity (Lee B. & Lee J., 2017). The fundamental concept is to 
incorporate exchanges into blocks and hold the entire exchange record on the blockchain-based platform. Due to the 
obvious immutability and transparency, each member can discern dual-spending, and the consensus protocol ensures 
that each dual-entry transaction is recorded (Puthal et al., 2018). The ownership of smart devices such as smartphones 
and smart watches is significantly greater than anytime, and mobile payment has emerged as a major payment method 
in a variety of fields (Xu et al., 2020). Hence, blockchain-based mobile banking is getting popular day by day for its 
secured and transparent procedure (Harris & Wonglimpiyarat, 2019). Therefore, it is a natural demand to support 
payment on mobile devices through transparent and secured services that made blockchain an obvious choice (Xu et al., 
2020). 

Financial innovations have ushered in a new era of finance industry innovation, with blockchain technology 
playing a pivotal role (Osmani et al., 2021). The banking industry is classified as a service industry, a tertiary industry 
that involves the conversion of material items, individuals, or information. For boosting the efficiency of the economic 
innovation system, banks compete by aggressively developing new technologies (Harris & Wonglimpiyarat, 2019). The 
rise of blockchain technology coincided with the financial services industries shifts to mobile payments, office less 
banking, and electronic exchange, threatening to disrupt international financial networks (Kawasmi et al., 2020). 
Kawasmi et al. (2020) also predict that this confluence from the traditional monetary institutions would give more 
suited offers for dusiverse emerging markets and assist both the global banks and financially excluded consumers. 
Blockchain will assist BTC in removing centralized potential vulnerabilities, which hackers can easily take advantage 
of. At the same period, doing data alteration is exceedingly unfeasible (Osmani et al., 2021). 

Blockchain has just begun to transform, and it has become a hot topic in the financial services industries in the 
world. The main reason is that it is substantially less costly, and transactions are processed much faster (Ali et al., 
2014). Financial institutions have been exploring methods to leverage the distributed ledger for clearing and JEIM 
settlement, money transfers and syndicated loans. Consequently, this will encourage banks to transfer funds more 
rapidly and correctly while decreasing transaction processing expenses (Osmani et al., 2021). Kabir et el. (2021) 
claimed that blockchain-based mobile banking systems are still in their infancy in Bangladesh; most businesses have 
yet to go through the analysis and implementation phases. Indeed, though mobile banking usage is increasing rapidly, it 
is encountered by numerous issues like safety and risk-free transactions, transaction's transparency. In this regard, 
blockchain can play an essential role as it is transparent, less time consuming, less costly, more reliable and more 
confidential (Amin et al., 2021). Blockchain can be utilised in financial firms to realize the goal of being Digital 
Bangladesh. On this backdrop, UCB Ltd. has recently started blockchain-based mobile banking app UPAY on March 
2021. Hence, it is essential to explain the elements that lead to the adoption of BT. Thus, this study aims to explain the 
factors influencing the adoption of BT-based mobile banking with the extended “Unified Theory of Acceptance and 
Use of Technology 2” (UTAUT 2).  

2. Literature on Blockchain Technology (BT) and Its Application in Banking 
Modern technological advancements have made it possible to tackle inconsistency concerns and a lack of 

transparency and effective financial management (Kabir et al., 2021). It is an emerging and effective technology for the 
banking and financial sectors (Kabir & Islam, 2021). Users of these sectors are gaining more motivation and trust for 
the transparency of BT. BT is known as the "Security Protocol," It focuses on providing protection and high security. 
As a result, BT seems to be a revolutionary manner of preserving and exchanging data that allows for privacy while 
also increasing trust (Kabir et al., 2021).  

Blockchain technology is a compact way to record transactions securely. Thanks to blockchain, many significant 
operations such as recording, tracking, and transferring information can be performed, and scalability may be achieved 
quickly. Its adoption will help to improve the system's tracing and tracking capabilities (Kabir et al., 2021). Transaction 
sets are merged into slabs of records connected in a blockchain system using the hash (#) of the previous slab’s record. 
Hence, the blockchain network's essential security feature is used as a property of unchangeability (Khatoon, 2020). 
BT's expanding progress and confidence about it all over the world economy is a sign of change, ensuring that the 
commercial sector's concerns of transparency and accountability are met (Kabir et al., 2021).  

Most institutions viewed this digital technology that underpins cryptocurrencies like Bitcoin, Ethereum, and other 
currencies with suspicion and skepticism (Attaran & Gunasekaran, 2019). Bitcoin (BTC) is a new FinTech created in 
2009 by Satoshi Nakamoto as accessible decentralised virtual money. BT is peer-to-peer (P2P) money that will 
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revolutionize the international payment method by crossing national borders.  It is viewed as a competitive medium of 
exchange to the traditional banking system (Harris & Wonglimpiyarat 2019). Hence, BT based mobile banking can 
bring a revolutionary change if applied appropriately (Kabir & Islam, 2021) 

BT has demonstrated a tremendous expansion of distributed ledger technology, with an annual growth of over 
100% (Lee B. & Lee J., 2017). It will become a significant trend in the coming years, with the potential to change a 
range of sectors, notably banking (Harris & Wonglimpiyarat, 2019). Digitalisation trends have fundamentally 
revolutionized and restructured business procedures, entire companies, and even entire industries. BT is thought to be 
the most recent innovation in fields such as finance, where trust is paramount (Ali et al., 2020). Furthermore, 
globalization, digitalisation, and financial advancements all impact (Kabir et al., 2021). Blockchain is capable of being 
one of the most remarkable transformational technologies ever developed. Records management, banking activities, 
governmental record-keeping can benefit from Blockchain technology (Peters & Panayi, 2015). As BT helps to 
maintain a safe and reliable solution with quick and precise transactions, it may avert a repetition of the 2008 recession. 
The use of blockchain technology can improve efficiency and reduce the cost of running a blockchain financial system 
(Kawasmi et al., 2020).  

Kawasmi et al. (2020) also declare that traditional banks could save between $3 and $11 billion yearly in the 
United States and the United Kingdom only by embracing blockchain, which will decrease the operational costs of 
loans and mortgages.  

In the context of Bangladesh, only 13% of the population having a bank account and more than 95% having mobile 
phone.  However, the use of BT is very recent in Bangladesh and Southeast Asia (Kabir et al., 2021). Many banks have 
already started their journey of BT. It is a matter of joy that UCB has raised the name of mobile banking by the UPAY 
apps, which is blockchain-based apps. Thus, to gain greater acceptability and confirm pellucidity and efficacy, it is vital 
to interpret the factors affecting blockchain-based mobile banking adoption.  

3. Theoretical Framework 
From numerous theoretical models, findings of facts and linkages have revealed that the advent and 

implementation of technology can be well explained by Unified Theory of Acceptance and Use of Technology 
(UTAUT) (Kabir, 2021). The expansion of the UTAUT model to the consumer perspective, emphasizing the hedonic 
value (intrinsic motivation) of online consumers, was necessary by the emergence of digital technology. This resulted 
in three new components to the initial UTAUT: hedonic motivation, price value, and habit. The new, improved version 
is known as UTAUT2 (Tamilmani et al., 2021). It is worth noting that employing an independent model explains 
somewhere around 17% and 53% of the users' behavioral intent. The UTAUT model surpassed the other individual 
models in this respect (Williams et al., 2015). UTAUT's supremacy is due to its capacity to evaluate multi-
level manifestations (Isaac et al., 2019). According to Alam & Uddin (2019), multifaceted constructs must be identified 
for an adequate elaboration of technological innovation acceptance. UTAUT, which is based on a stringent examination 
and evaluation of eight theories (see Appendix I), can be used for multi-layer research (Venkatesh et al., 2003). Kabir et 
al. (2021) claimed that the Blockchain –based banking adoption can be well explained by UTAUT.  

According to Andreas (2012),  the modifications provided in UTAUT 2 demonstrated a significant improvement in 
the variation explained in behaviour intention (56%-74%) and technology utilization (40%-52%) compared to UTAUT. 
Venkatesh (2012) proposed a comprehensive theoretical framework for innovation that combines the fundamental 
themes of eight previous models. The UTAUT model illustrates four factors (Performance Expectancy, Effort 
Expectancy, Social Influence and Facilitating Conditions) that determine technical purpose and implementation (Kabir 
et al., 2021). However, three new extension mechanisms were added to UTAUT2: new mediating, outer and inner 
methods. Researchers have implemented, integrated, and extended UTAUT 2 throughout a range of settings to better 
understand human-technology adoption and utilization. These can be divided into six groups, including 1) various types 
of people, 2) varying kinds of organisations, 3) multiple kinds of tech, 4) various work forms, 5) various times, and 6) 
multiple places (Tamilmani et al., 2021). Applying the integrated model UTAUT 2 to describe technology adoption and 
behavioural motive in company activities is a superior alternative (Kabir et al., 2021).  

3.1 Research Framework and Hypotheses 
The major components in the basic UTAUT model describing usage intention and foremost use of innovation are 

performance expectancy (PE), effort expectancy (EE), social influence (SI), and facilitating conditions (FC). Among 
the constructs, PE and EE are individual indicators, SI is a social-indicator factor, and FC is at the organisational level 
(Venkatesh, 2012). Another critical construct in UTAUT 2 is hedonic motivation (HM), identified as enjoyable or 
pleasurable acquirement from using an innovation. HM has demonstrated the crucial influence in explaining technology 
acceptability and usability (Andreas, 2012). Furthermore, it is claimed that trust in BT and its stakeholders can be a 
crucial factor for understanding why blockchain is being used in mobile banking (Queiroz & Wamba, 2019). Thus, 
based on the UTAUT 2, the extended conceptual model is proposed in Figure 1. 
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3.1.1 Performance Expectancy (PE) Hypothesis 
The extent to which a person believes that adopting new technology could enhance one's performance is referred to 

as performance expectancy. It is reasonable to determine that the more users enhance their performance with 
technology, the greater their behavioral intention (BI) to use it (Somon, 2020). Perceived usefulness, extrinsic 
incentive, and job fit are three elements that influence performance expectancy (Andreas, 2012). Somon (2020) referred 
that the best indicators of using technology are performance expectation and behavioural motive. In this study, a 
person's willingness to adopt and utilise a new modern tech like blockchain-based mobile banking is connected to their 
assessment of the technology's benefits in their daily lives. 

Furthermore, blockchain will use its redistributed position to maintain seamless operations in the face of 
unpredictability (Kabir et al., 2021). Blockchain has several advantages, and better performance expectancy is desired 
from the users’ perspective. Consumers prefer that the blockchain technology that underpins mobile banking is helpful 
and advantageous in conducting transactions because of these future benefits (Yeong et al., 2019). Prior research found 
that individual's desire to use adopt a technology is heavily influenced by PE (Venkatesh et al., 2003). The effective 
implementation of blockchain-based banking in various countries supports this assumption. For example, Kabir et al. 
(2021) in their study showed that performance expectancy positively influences behavioural intention to adopt 
blockchain-based banking. Therefore, our first hypothesis is formed. 

H1: PE will have a positive influence on BI. 
 

3.1.2 Effort Expectancy (EE) Hypothesis 
The level of easiness regarding using a particular technology is referred to as effort expectancy Somon (2020). In 

the beginning stages of behaviour, when process issues are challenging to overcome, effort expectancy constructions 
are likely to be more prominent, but expectancy considerations will eventually overshadow them (Andreas, 2012). 
According to the UTAUT2, consumers are more inclined to adopt technologies to help them achieve their goals (Kabir 
et al., 2021). Users of BT are eager to be using the technology if they feel it will be easy to use. Furthermore, Somon 
(2020) claimed that EE and PE are tightly linked. However, the former is more associated with efficiency prospects, 
while the latter is more associated with effectiveness prospects. Blockchain facilitates the implementation of "smart 
contracts," founded on specific regulations and requiring minor or no manual interference (Somon, 2020). Thus, our 
second hypothesis is formed as, 

H2: EE positively impacts the BI. 
 

3.1.3 Perceived Trust (PT) hypothesis 
The “trust” indicator has a significant link with an individual's willingness to adopt blockchain. BT is a 

disseminated record utilised throughout the system to capture and monitor records using a consensus method for 
ensuring integrity (Kabir, 2021). The use of information technology will have a significant role in their perception of 
trust (Owusu Kwateng et al., 2019). Kabir et al. (2021) referred that the adoption of developing technologies, security 
and trust are key factors. The presumption is that a private system is built into the trust model that is being developed. 
The status of this technology impacts people's views toward it, which influences their willingness to use it. Recent 
studies also indicate the importance of trust in deciding whether or not to accept the use of blockchain technology. It is 
becoming more popular among digital banking sectors for its transparency and easy transactions with less time. 
Consequently, this will encourage banks to transfer funds more rapidly and correctly while decreasing transaction 
processing expenses (Osmani et al., 2021). According to Pavlou et al. (2003), trust is a critical element in framing the 
intention to accept technology for banking, and trust is reinforced by the perceived notion that security systems are 
incorporated into blockchain platforms. Trust in blockchain will alter the system of providing banking services in the 
coming days. It is believed that customers will be more interested to accept blockchain-based banking transactions if 
they have faith in the technology (Kabir & Islam, 2021). Hence our third hypothesis is formed.  

Hypothesis 3 (H3): PT has a positive influence on BI.  
 

3.1.4 Social Influence (SI) Hypothesis 
The level to which a person expects that prominent people have faith that technology use is essential is referred to 

as social influence (Andreas, 2012). According to Owusu Kwateng et al. (2019), the value people place on the 
perception of close relationships when deciding whether or not to adopt a particular invention is referred to as social 
influence.  An individual evaluates actual societal occurrences in influencing self-behaviour while deciding on them. 
Moreover, individuals are influenced by co-workers, family, and significant others, according to observations. Recent 
researches have demonstrated the significance of SI in technological acceptance. SI, for example, has a crucial part in 
explaining mobile banking adoption behaviour (Kabir et al., 2021). As a result, it is essential researching how such 
influences might affect the decision to adopt BT (Somon, 2020). Therefore, our fourth hypothesis is considered. 

H4: SI has a positive impact on BI. 
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3.1.5 Hedonic Motivation (HM) Hypothesis 
The pleasure derived from adopting technology is referred to as hedonic motivation (HM). In information system 

(IS) research, the idea of perceived enjoyment is thought to impact consumer adoption and use of tech. Hedonic 
motivation has been a vital component of innovation adoption and uses in the customer's perspective (Owusu Kwateng 
et al., 2019). Customer loyalty begins with psychological aspects of appraisal and choice that develop feelings and 
behaviour about new tech, eventually leading to affective and repetitive adoption habits (Pérez-Sánchez et al., 2021). 
Again, when consumers initially utilise technology, they are more interested in its uniqueness (Owusu Kwateng et al., 
2019). Previous research showed that BT is a blessing for its transparency and uniqueness (Kabir et al., 2021). 
According to Jain et al. (2022), HM explains blockchain acceptance. As per the findings of Pieters et al. (2022), 
internal motivations, in the shape of HM, are important considerations in the organisational setting and play a 
significant role in influencing the acceptance of blockchain for e-commerce. Ali, Z., & Bano (2022) in their study 
showed that HM can positively influence mobile-banking payment systems acceptance intention. Thus, our fifth 
hypothesis is formed. 

H5: HM has a positive impact on BI. 
 

3.1.6 Facilitating Conditions (FC) Hypotheses 
The measure to which a user perceives that the system's technical groundwork and organisation exist to facilitate 

its use is characterized as FC (Andreas, 2012). It has been noticed that professional and well-structured organisations' 
clients tend to encounter more difficulties in digesting new or complex information, impacting their ability to learn the 
latest technology (Owusu Kwateng et al., 2019). The transactions that happened by blockchain are recorded on the web. 
In terms of infrastructure expenses, this shows a massive non-barrier deployment. Furthermore, the blockchain system 
allows for the easy tracking of transactions, which benefits blockchain's members (Kabir et al., 2021). The globally 
connected structure of blockchain users’ needs technological resources to facilitate its utilization; a shortage of 
resources will have a detrimental impact on the use of the technology (Somon, 2020). 

On the other hand, FC is found to impact technology acceptance and use, which is consistent with the majority of 
previous research. According to the UTAUT paradigm, It is clear that the presence of FC impacts the intent to adopt 
technologies (Kabir et al., 2021). From the above discussion, our sixth and seventh hypotheses are considered. 

H6: FC has a positive effect on BI 
H7: FC has a positive impact on blockchain use behaviour. 
 

3.1.7 Behavioural Intention (BI) and Blockchain Use Behavior (BUBR) Hypothesis 
In order to forecast future behaviour, sociologists have examined behavioural intentions and user's conscious 

purpose. The connection between behavioural intention and use is explained by numerous frameworks, including 
UTAUT and UTAUT 2. Behaviour intention (BI) is the level to which a person is persuaded to adopt something latest 
is behavioural intention (BI) (Kabir et al., 2021). In forecasting behaviour, BI considers both internal and external 
elements (Liu, 2013). However, behavioural intention is linked to one's internal assessment. As a result, behavioural 
purpose comes before behavioural expectations. Consequently, BI has a direct impact on BUBR (Liu, 2013). Hence, 
our eighth hypothesis is formed. 

H8: BI positively influences BUBR. 

3.1.8 Mediating Hypothesis 
Several studies examined the impact of facilitating conditions (FC) on technology adoption intention, and actual 

adoption. The measure to which a user perceives that the system's technical groundwork and organisation exists to 
facilitate its use is characterized as FC (Andreas, 2012). FC can be considered as a technology adoption impacting 
factor, both actively and passively. Nonetheless, it is undeniable that FC is a reliable predictor of actual usage (Kabir et 
al., 2021). Theoretically and experimentally, we propose that FC predicts using technology through existing literature 
(Andreas, 2012). We also contend that the BI has a significant impact on BUBR.  It is hypothesized that FC, both 
conceptually and methodologically, predicts the intention to use technology (Qi, 2009; Rajan & Baral, 2015; Raza et 
al., 2018; Venkatesh et al., 2012). According to Kabir et al. (2021), BI has a significant impact on blockchain usage 
behavior (BUBR). Previous research reinforces our claim (Alam & Uddin, 2019; Rajan & Baral, 2015). According to 
prior findings, BUBR is impacted by FC and mediated by BI (Alam & Uddin, 2019; Dwivedi et al.,2019; Raza et 
al.,2018). Thus, we assume BI has a median role in influencing the relationship between FC and BUBR. Hence, our 
ninth hypothesis is developed. 
H9: BI mediates the relationship between FC and BUBR. 
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Fig. 1 - Theoretical framework based on UTAUT 2 

 
4. Research Methodology 

A survey questionnaire was used to collect data for attaining the research objectives. The survey was designed 
using the UTAUT2 framework, with changes to reflect the factors influencing blockchain-based m-banking adoption in 
Bangladesh (Weerakkody et al. 2013). As the survey technique of primary data gathering is used to represent people's 
attitudes, this questionnaire survey for understanding and describing an individual's choice to adopt blockchain 
technology can play an important role (Somon, 2020).  

The analysis section of this study is divided into two segments. The measurement model (MM) is evaluated first. 
The MM segment ensures that the study is consistent, credible, and relevant. The influences of exogenous factors on 
BT BI and BUBR are then described using a structural equation model (SEM) (Kabir et al., 2021). Furthermore, this 
study flow is an excellent way to evaluate a model (Henseler et al., 2015). Firstly, factor loadings, Cronbach’s alpha, 
composite reliability (CRI) and Dijkstra–rho are used to assess consistency and convergent validity. Secondly, cross-
loadings, Fornell–Larcker criterion and heterotrait–monotrait (HTMT) ratio are used to test discriminative validity. The 
variance inflation factor (VIF) statistic is also used to verify the exclusion of multicollinearity. Finally, the SEM is 
verified using the coefficient of determination (R2) and effect size (f2) (Chin et al., 2003). The hypotheses are tested at 
5% significance. 

4.1 Reasons for Choosing PLS-SEM 
SEM is the process of integrating latent components and structural interactions. PLS-SEM is a route model 

component that stores indicators and their connections with the constructs (Kabir et al., 2021). It is a proper analytical 
technique that is primarily linear and cross-sectional in structure. The measuring paradigm is evaluated based on 
internal consistency, convergent validity, and discriminate validity (Cepeda-Carrionet et al., 2019). 

Researchers can use two core methods to create SEM: CB-SEM (covariance-based SEM) and PLS-SEM (Rigdon 
et al., 2017). However, deciding which model to use might be tricky (Kabir, 2021). The models are based on numerous 
factors, and the correct method must be chosen based on the strategy that best matches (Hair et al., 2017). PLS-SEM is 
used for its powerful predicting abilities, ability to cope with non-normal datasets, small sample size, and advanced 
processing (Cas et al., 2014). Identification of unexplained heterogeneity (UH) is a bonus of using PLS-SEM (Yuan, 
2011). According to Hair et al. (2016?2017?), PLS-SEM structural model analysis is a "silver bullet" for determining 
cause and effect when used correctly. Compared to PLS-SEM, a few parameters are neglected while using CB-SEM to 
get reasonable goodness of fit. Consistency, validity, and reliability are usually tenacious when implementing PLS-
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SEM (Rigdon et al., 2017). Furthermore, PLS-SEM outperforms CB-SEM in determining the variance described in a 
regression model (Rigdon et al., 2017). 

CB-SEM offers excellent results in terms of verifying hypotheses that have already been proven. On the other side, 
PLS-SEM is a quantitative method employed both for confirmatory research and exploratory study (Sarstedt et al., 
2014). In deciding between CB-SEM and PLS-SEM, scholars must consider that PLS-SEM is stronger than CB-SEM. 
PLS- SEM's strength makes it ideal for creating a structural model, as needed in this research (Wold, 1980).  

Lastly, PLS-SEM may be applied for both determinative and contemplative modelling strategies, as per Ramayah 
et al. (2018). It may be used with minimal datasets, but CB-SEM is the best used with a reflective model and a 
significant sample size. As a result, based on the supporting literature, the PLS-SEM is assessed to create the needed 
framework for this research. 

4.2 Sample Size 
For this study, UPAY users who understand blockchain-based mobile banking are taken as the respondents. As 

blockchain-based m-banking is a novel initiative in Bangladesh (initiated in March 2021), the number of people having 
proper knowledge on this issue is not many. Browne (1995) suggests that a common rule of thumb for approximating a 
measure is to use 30 or more ample sizes. In this case, the sample size needs to set at a "minimum five observations per 
parameter" (Martins et al., 2014). Moreover, PLS-SEM with 5000 bootstrap samples can explain the phenomena 
correctly as this technique can produce expected results even with a small sample size (Ramayah et al., 2018). With 
limited people available fulfilling both the criteria, the study's sample size is 58. 

4.3 Data Collection Procedure 
The core data of this research are collected from the UPAY (the first blockchain-based mobile banking in 

Bangladesh) platform users. When the topic area is relatively fresh, and second-hand data is insufficient to assess the 
research problem, collecting primary data is the best option. Because BT-based mobile banking is entirely a new 
phenomenon in Bangladesh, evaluating the variables influencing participant's intentions to utilise it is an enthusiastic 
topic to investigate with primary data. The data was gathered using a survey. The survey questionnaire was delivered 
digitally, allowing it to comply with the COVID-19 pandemic's safety and health criteria and complete the procedure 
appropriately. The survey was created using Google Forms and shared over online peer-to-peer technologies (Email) 
and social media platforms (WhatsApp, Facebook Messenger etc.). The survey began on July 15, 2021, and finished on 
July 25, 2021. Thus, the survey has an 11-day response time. 

We confirmed that the respondents had given their well-versed accord and had the exclusive right to privacy. At 
the top of the questionnaire, we explained the objectives, welfares, limits of our study and also gave some initial ideas 
about blockchain. We also invited respondents to choose from various response choices as there are no correct or 
incorrect answers. We also suggested against writing the names of the participants. 

4.4 Questionnaire  
The questionnaire of the study is designed with a 5-point Likert scale. The scale is divided into levels of replies, 

with one representing "fully disagree" and five representing "fully agree". The questionnaire questions are included 
based on an extensive literature survey, as shown in table 1. 

 
Table 1 - Sources of the questionnaire 

Construct Items Sources 
Performance 
Expectancy (PE) 

PE1 The use of blockchain technology in mobile banking facilitates 
the documentation of financial transactions. 
PE2 The completion of mobile transactions can be swiftly done by 
blockchain technology. 
PE3 My financial transaction productivity can be improved by using 
BT based mobile banking. 
PE4 The use of blockchain technology improve the effectiveness of 
mobile banking. 

(Alalwan et al., 
2017), (Kabir 
et al., 2021), 
(Somon, 2020) 

Effort 
Expectancy (EE) 

EE1 Learning about using blockchain technology is simple. 
EE2 It is easy to become familiar with blockchain technology 
application-based mobile banking. 
EE3 Blockchain-based mobile banking allows for more efficient 
monetary operations. 
EE4 M-banking facilitated by blockchain allows for easier monitoring 
with little effort. 

(Somon, 2020), 
(Kabir et al., 
2021) 

Perceived Trust PT1 I believe that blockchain-based m-banking is transparent and (Alalwan et al. 
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(PT) reliable. 
PT2 I am confident that all users will be able to complete blockchain 
transactions correctly. 
PT3 I believe I can put my faith in blockchain-based mobile banking. 
PT4 I have no doubts about the integrity of BT based mobile banking. 
PT5 I would trust BT based m-banking to get its task done even if it is 
not supervised. 

2017), (Kabir, 
2021), (Kabir 
et al., 2021) 

Social Influence 
(SI) 

SI1 People that matter to me believe that I should adopt blockchain 
technology. 
SI2 Individuals who influence me advise me to use blockchain-based 
m-banking. 
SI3 Persons whose viewpoints I respect want me to use blockchain 
technology form-banking. 
SI4 Influential people's perception of my Blockchain-based m-
banking activities is crucial for me. 

(Somon, 2020) 

Hedonic 
Motivation (HM) 

HM1 M- banking transactions based on BT is pleasant to use. 
HM2 Blockchain-based m-banking is enjoyable and exciting. 
HM3 Using Blockchain for m-banking is an entertaining experience. 
HM4 It is motivating to use such an innovation like BT on m-
banking. 
HM5 Using blockchain technology for mobile financial transactions 
is exciting. 

(Mahomed 
2017), 
(Alalwan et al. 
2017) (Kabir, 
2021) 

Facilitating 
Conditions (FC) 

FC1 I believe, m-banking (UPAY) has the requisite resources to 
utilise blockchain technologies. 
FC2 In my opinion, m-banking (UPAY) provides the fundamental 
understanding to utilise blockchain technologies. 
FC3 M-banking (UPAY) service provider ensures that a dedicated 
person (or team) can help with blockchain-related issues. 

(Kabir et al., 
2021), 
(Mahomed 
2017) 

Behavioural 
intention to 
utilise 
Blockchain (BI) 
 

BI1 I intend to utilise blockchain technologies for mobile banking. 
BI2 I think I should use all the trustworthy m-banking platform using 
blockchain technologies. 
BI3 If provided the chance, I believe I would utilise blockchain 
technology for other financial transactions. 
BI4 I believe I will continue to use blockchain technology in the 
future. 

(Kabir et al., 
2021), 
(Mahomed 
2017) 

Blockchain Use 
Behavior 
(BUBR) 
 

BUBR1 I am a happy user of blockchain-based mobile banking 
finance. 
BUBR2 I choose m-banking as it is based on blockchain. 
BUBR3 For m-banking, I support blockchain-based financing 
transactions more than traditional banking. 
BURB4 I prefer to use blockchain-based m-banking service for 
financial transactions. 

(Kabir et al., 
2021) 

4.5 Demographic Characteristics of the Respondents 
The questionnaire was sent to a total of 65 potential respondents who were directly connected to the UPAY mobile 

banking services in the very first quarter after its launching. Since most of the people were still new to use this, the 
number of people targeted was less and they have been reached through the snowball technique.  The number of usable 
returned questionnaire was 58 with a success rate of 89.23%. During the survey, 46.55% of the respondents (27) were 
connected from Chittagong, whereas 53.45% were from other divisions of Bangladesh (31 respondents). Number of 
females (17) and males (41) consist of 29.31% and 70.68% respectively showing a male dominated gender profile. The 
age-range of 18-30 includes 22 respondents (37.93%) while 31-42 years age group consists of 27.59% with 16 
respondents mostly representing youth. The rest of the respondents of 20 (34.48%) consists of people of other age 
groups. Blockchain-based mobile app (UPAY) users for transactions consist of 48.28% with 28 participants, UPAY 
service providing shops include 21 respondents (36.20%) and the employees of UPAY consist of 15.52% with 9 
participants. 
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5. Findings 
5.1 Measurement Model  

Confirmatory factor analysis was used to establish the suggested model's reliability and validity (Talukder et al., 
2019). To verify the reliability of all constructs, the composite reliability index (CRI) and Dijkstra–rho are calculated. 
The CRI of each research construct is greater than .7, indicating that the parameters are applicable (Sarstedt et al., 
2020). Similarly, a Cronbach alpha and rA above .7 establish each case's internal consistency and reliability (Dijkstra & 
Henseler, 2015). In this research, three estimations are utilised to determine convergent validity. The magnitude of the 
loading, the average variance extracted (AVE), and the significance of loadings were all evaluated. All external 
loadings should be .5 or above as long as the AVE is greater than .5 (Hair et al., 2016; Vinzi et al., 2010). Table 2 
indicates that each outside loading is more than .5. For each scenario, the AVE is more than .5 as well. Thus, all of the 
necessary fitness criteria are met. The CRIs for all research constructs are larger than .7 and higher than the respective 
AVEs (See Table 2). Lastly, the significance of the loadings was determined using a bootstrap re-sampling technique 
(Sarstedt et al., 2020). Hence, the consistency and convergent validity of the model is verified. 

 
Table 2 - Validity and reliability scores 

 Loadings Significance 
Cronbach’s 
Alpha 

Dijkstra–
Henseler’s 
Rho(rA) 

CRI AVE 

BI1 0.882 0.000  
 
0.910 

 
 
0.913 

 
 
0.937 

 
 
0.895 BI2 0.896 0.000 

BI3 0.884 0.000 
BI4 0.888 0.000 
BUBR 0.713 0.000  

0.793 
 
0.833 

 
0.878 

 
0.709 BUBR 0.873 0.000 

BUBR 0.926 0.000 
EE1 0.828 0.000  

 
0.804 

 
 
0.824 

 
 
0.872 

 
 
0.631 EE2 0.680 0.000 

EE3 0.828 0.000 
EE4 0.831 0.000 
FC1 0.745 0.000  

0.814 
 
0.878 

 
0.888 

 
0.727 FC2 0.867 0.000 

FC3 0.935 0.000 
HM1 0.839 0.000  

0.786 
 
0.793 

 
0.875 

 
0.699 HM2 0.810 0.000 

HM3 0.859 0.000 
PE1 0.932 0.000  

0.914 
 
0.917 

 
0.946 

 
0.854 PE2 0.926 0.000 

PE3 0.914 0.000 
PT1 0.500 0.000  

 
   0.877 

 
 
0.928 

 
 
0.913 

 
 
0.686 PT2 0.912 0.000 

PT3 0.915 0.000 
PT4 0.840 0.000 
PT5 0.900 0.000 
SI1 0.903 0.000  

   0.832 
 
0.855 

 
0.900 

 
0.751 SI2 0.767 0.000 

SI3 0.922 0.000 

5.1.1 Cross Loadings 
Discriminant validity (DV) is required to verify reliable measurement models. It refers to the extent to which one 

set differs from other sets based on scientific standards. In this case, two regularly used DV tests are usually evaluated. 
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The first strategy is to assess cross-loading. To be exact, Outside factor loading in a construct must score higher than 
the cross-loadings on different constructs (Sarstedt et al., 2020). Table 3 ensures that the cross-loading needs are 
fulfilled. 

Table 3 - Cross loadings 

 BI BUBR  EE FC HM  PE PT SI 
BI1 0.882 0.731 0.657 0.450 0.656 0.667 0.591 0.681 
BI2 0.896 0.764 0.635 0.540 0.711 0.839 0.520 0.716 
BI3 0.884 0.873 0.597 0.529 0.733 0.772 0.368 0.663 
BI4 0.888 0.826 0.616 0.451 0.787 0.769 0.539 0.678 
BUBR1 0.521 0.713 0.310 0.685 0.450 0.434 0.324 0.322 
BUBR2 0.884 0.893 0.597 0.529 0.733 0.772 0.368 0.663 
BUBR3 0.888 0.926 0.616 0.451 0.787 0.769 0.539 0.678 
EE1 0.693 0.610 0.828 0.413 0.650 0.594 0.373 0.506 
EE2 0.487 0.398 0.680 0.064 0.360 0.351 0.314 0.439 
EE3 0.502 0.459 0.828 0.444 0.548 0.492 0.155 0.311 
EE4 0.507 0.474 0.831 0.252 0.471 0.463 0.080 0.388 
FC1 0.285 0.369 0.218 0.745 0.177 0.260 0.063 0.010 
FC2 0.484 0.576 0.301 0.867 0.412 0.423 0.208 0.228 
FC3 0.587 0.623 0.424 0.935 0.491 0.550 0.334 0.271 
HM1 0.704 0.624 0.632 0.449 0.839 0.648 0.488 0.482 
HM2 0.597 0.591 0.434 0.298 0.810 0.445 0.247 0.417 
HM3 0.735 0.779 0.560 0.377 0.859 0.565 0.459 0.510 
PE1 0.845 0.742 0.617 0.549 0.675 0.932 0.418 0.675 
PE2 0.768 0.706 0.553 0.441 0.601 0.926 0.263 0.731 
PE3 0.768 0.784 0.520 0.403 0.568 0.914 0.399 0.676 
PT1 0.198 0.122 0.016 -0.034 0.123 0.054 0.491 0.152 
PT2 0.519 0.465 0.262 0.259 0.415 0.352 0.912 0.408 
PT3 0.561 0.475 0.344 0.279 0.520 0.447 0.915 0.420 
PT4 0.448 0.360 0.290 0.120 0.403 0.332 0.840 0.390 
PT5 0.517 0.498 0.239 0.323 0.433 0.313 0.900 0.390 
SI1 0.742 0.625 0.541 0.356 0.543 0.755 0.440 0.903 
SI2 0.553 0.495 0.259 0.031 0.370 0.513 0.247 0.767 
SI3 0.691 0.645 0.532 0.161 0.536 0.657 0.440 0.922 

5.1.2 Fornell–Larcker Condition and HTMT Ratio 
Fornell–Larcker criterion is the second DV test (Sarstedt et al., 2020). The results of the research suggest that there 

is an appropriate level of DV (Table 4). Henseler et al. (2015) established an HTMT (Heterotrait–monotrait) ratio with 
a cutoff point of .90 to quantify DV in the resolution. HTMT is a complete and accurate scale of discriminant validity 
(Henseler et al., 2015; Kabir et al., 2021). Hence, the discriminant validity of the study is ensured with appropriate level 
of HTMTs (Table 5). 

 
Table 4 - Fornell–Larcker condition  

 BI BUBER EE FC HM PE PT SI 
BI 0.947        
BUBER 0.932 0.842       
EE 0.704 0.624 0.794      
FC 0.555 0.633 0.384 0.853     
HM 0.816 0.800 0.654 0.452 0.836    
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PE 0.860 0.805 0.611 0.505 0.667 0.924   
PT 0.567 0.494 0.304 0.262 0.486 0.392 0.828  
SI 0.771 0.684 0.527 0.227 0.565 0.750 0.443 0.867 

 
Table 5 - HTMT ratio 

 BI BUBER EE FC HM PE PT SI 
BI         
BUBER 0.878        
EE 0.808 0.741       
FC 0.615 0.801 0.443      
HM 0.855 0.881 0.796 0.521     
PE 0.839 0.820 0.696 0.554 0.777    
PT 0.616 0.556 0.349 0.296 0.546 0.416   
SI 0.879 0.805 0.616 0.301 0.687 0.851 0.494  

5.2 Structural Model 
After verifying reliability and validity, the SEM was put to the test. The multicollinearity of the system was 

investigated with variance inflation factor (VIF) (Sarstedt et al., 2020). We examined whether VIFs are less than 3.3 to 
claim no collinearity (Henseler et al., 2015). After that, a bootstrapping technique with 5000 samples was used to assess 
the weight values. Since all the weights are significant and VIFs are less than 3.3, the absence of multicollinearity is 
assured. 

5.2.1 Coefficient of Determination (R2) 
R2 is a measurement that demonstrates the ability to forecast. The cumulative influence of the independent 

constructs on the dependent construct is expressed by R2. (Chin, 1998) suggested three alternative R2 value ranges: 
weak (.02 - .13), moderate (.13 - .26), and considerable (more than .26).  

 
Table 5 - Non-collinearity variance inflation factor (VIF) test 

 Original Sample 
(O) T Statistics (|O/STDEV|) P Values VIF 

BI1 <- BI 0.882 30.189 0.000 2.970 
BI2 <- BI 0.896 32.495 0.000 3.142 
BI3 <- BI 0.884 24.594 0.000 2.707 
BI4 <- BI 0.888 25.807 0.000 2.718 
BUBR1 <- BUBR 0.713 5.475 0.000 1.486 
BUBR2 <- BUBR 0.873 23.281 0.000 2.124 
BUBR3 <- BUBR 0.926 42.125 0.000 2.684 
EE1 <- EE 0.828 21.930 0.000 1.608 
EE2 <- EE 0.680 7.606 0.000 1.303 
EE3 <- EE 0.828 14.869 0.000 2.184 
EE4 <- EE 0.831 15.995 0.000 2.222 
FC1 <- FC 0.745 4.661 0.000 1.686 
FC2 <- FC 0.867 14.285 0.000 1.991 
FC3 <- FC 0.935 33.126 0.000 2.711 
HM1 <- HM 0.839 22.580 0.000 1.616 
HM2 <- HM 0.810 14.162 0.000 1.616 
HM3 <- HM 0.859 18.224 0.000 1.700 
PE1 <- PE 0.932 53.731 0.000 3.314 
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PE2 <- PE 0.926 38.566 0.000 3.364 
PE3 <- PE 0.914 30.574 0.000 2.930 
PT1 <- PT 0.491 3.723 0.000 1.311 
PT2 <- PT 0.912 30.076 0.000 3.699 
PT3 <- PT 0.915 32.109 0.000 3.590 
PT4 <- PT 0.840 16.828 0.000 2.649 
PT5 <- PT 0.900 24.633 0.000 3.224 
SI1 <- SI 0.903 42.941 0.000 2.625 
SI2 <- SI 0.767 9.829 0.000 1.525 
SI3 <- SI 0.922 49.896 0.000 2.964 

 
Table - 6 Structural Equation Modeling (SEM) results 

 Original 
Sample (O) 

T Statistics 
(|O/STDEV|) P Values Hypothesis 

Decision 
R2 f2 

BI -> BUBR 0.840 15.110 0.000 Accepted  
0.888 

4.354 

FC -> BUBR 0.166 2.463 0.014 Accepted 0.171 

FC -> BI 0.143 2.090 0.037 Accepted  
 
 
0.905 

0.280 
EE  -> BI 0.122 1.961 0.050 Accepted 0.150 
HM -> BI 0.270 3.767 0.000 Accepted 0.309 
PE -> BI 0.306 3.172 0.002 Accepted 0.278 
PT -> BI 0.139 2.681 0.007 Accepted 0210 
SI -> BI 0.230 2.521 0.012 Accepted 0.204 
 
The bootstrapping method was used to determine the relevance of the predicted structural coefficients. The R2 test, 

which represents the observed variation in the internal construct, is used to assess the model's predictive power (Kabir et 
al., 2021). The R2 value in Table 6 demonstrates that PE, EE, SI, PT, HM, and FC can explain 90.5% of BI changes. 
Lastly, the combination of FC and BI contributes to 88.8% of the variation in blockchain usage behaviour (BUBR) for 
mobile banking adoption. 

 
5.2.2 Effect Size (f2) of the Main Effect Model 

The change in R2 caused by removing a specific exogenous construct from the estimated regression is measured by 
effect size. The f2 value explains if the element left out significantly affects the endogenous construct (Sarstedt et al., 
2020). Based on values of 0.350, 0.150, and 0.020, the f2 scores are divided into three categories: large, moderate, and 
small. According to Chin et al. (2003), if the other factors are adequate, it is permissible to accept a small f2. 

As per Cohen (1988), the effects of HM, SI, PE FC, EE, and PT on BI are moderate. BI has a large impact on BUBR, 
whereas FC has a moderate effect. 

 
5.2.3 Results of Direct Hypotheses 

At a 5% level of significance, all direct hypotheses were supported (see Table 6). Both individual-level hypotheses are 
supported; however, PE (Beta = .306 and p < .05) has a greater positive impact on BI than EE (Beta = .122 & p < .05). 
Thus, hypothesis 1 and hypothesis 2 are supported. The additional variable included in this research with UTAUT2 called 
PT positively impacts BI (Beta = 0.139 and p < 0.05), supporting hypothesis 3. Furthermore, hypothesis 4, the single 
social-level hypothesis, is supported, implying that SI has a considerable impact on BI with a beta of .230 and p < .05. HM 
has a significant impact on BI at the 5% significance level (Beta = .270 and p < .05), supporting hypothesis 5. At the 95% 
confidence level, the organisational level factor FC has a significant influence on both BI (Beta = .143 and p < .05) and 
BUBR (Beta = .166 and p < .05), ensuring the acceptance of hypotheses 6 and 7. Ultimately, it is discovered that the desire 
to utilise blockchain-based m-banking (BI) has a strong and significant influence on blockchain adoption (BUBR) (Beta = 
.840 and p < .05). Thus, hypothesis 8 is also accepted. 

 
5.2.4 Result of Mediating Hypothesis 

To illustrate mediating power, the PLS-SEM approach of bootstrapping is widely used. Sarstedt et al. (2020) argued 
that bootstrapping has the advantage of dealing with a smaller dataset. Bootstrapping through Preacher and Hayes' protocol 
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is suitable (Geisser, 1974). Table 7 shows that the intention to use blockchain-based mobile banking (BI) mediates the 
relation between facilitating conditions (FC) and blockchain use behaviour, indicating that hypothesis 9 is supported. 
Partial mediation (PM) exists as both the direct (FC -> BUBR) and indirect (FC -> BI -> BUBR) effects are considerable. 
According to Hale and Ojeda (2018), the observations in Table 7 indicate that BI has a complimentary partial mediating 
effect on the FC-BUBR relationship. 

Table 7 - Results of indirect hypothesis 

 Original 
Sample (O) 

statistics 
(|O/STDEV|) P Values Hypothesis 

Decision 

FC -> BI -> BUBR 0.120 2.199 0.028 Accepted 

FC -> BUBR 0.166 2.463 0.014 Accepted 

 
5.3 Predictive relevance (Q2) 

The Stone–Geisser Q2 values and the degree of R2 should be evaluated as a predictive accuracy parameter (Geisser, 
1974). The blindfolding approach was used to assess the Q2 of cross-validated redundancy and communality. A Q2 
value greater than zero in SEM indicates that a variable has explanatory power (Sarstedt et al., 2020). It is satisfactory 
if the communality is greater than 0.4. Moreover, Gratz and Gravetter (1999) recommended that communality scores of 
less than 0.2 be avoided. The Q2 scores in Table 8 and Table 9 were computed using a blindfolding approach, and every 
Q2 value satisfied the required threshold (Sarstedt et al., 2020).  

 
Table 8 - Construct cross-validated communality 

  SO SSE Q² (=1-SSE/SSO) 

BI 232.000 86.582 0.627 

BUBER 174.000 100.418 0.423 

EE 232.000 136.064 0.414 

FC 174.000 94.370 0.458 

HM 174.000 107.826 0.380 

PE 174.000 58.703 0.663 

PT 290.000 132.096 0.544 

SI 174.000 89.552 0.485 
 

Table 9 - Construct cross-validated redundancy 

  SO SSE Q² (=1-SSE/SSO) 
BI 232.000 75.457 0.675 
BUBER 174.000 69.940 0.598 
EE 232.000 232.000  
FC 174.000 174.000  
HM 174.000 174.000  
PE 174.000 174.000  
PT 290.000 290.000  
SI 174.000 174.000  
 

6. Discussions and Conclusion 
We live in the age of empowered users who demand greater transparency in the deals they make. It is not easy to 

prosper in today's technological development and knowledge world without using contemporary technologies (Cui et 
al., 2015). BT's potentials are varied and substantial, encompassing features such as tracking, identification, safe 
trading, and transaction disbursement promptly (Queiroz & Wamba, 2019). However, regrettably, the banking system 
in Bangladesh is afflicted by scams and dishonesty, necessitating the accountability and recovery of people' trust.  

Previously many researchers have reached the acceptability of BT in banking sectors in other countries, but they 
did not work with the blockchain-based m-banking (Kawasmi et al., 2020). Hence, this study attempted to develop a 
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structural model (SEM) to explain why blockchain adoption is necessary for better financial traceability. SEM was used 
to verify and evaluate the research hypothesis. The model's stability was supported by the results of the core SEM 
evaluation. This research model was proposed and evaluated in compliance with the UTAUT 2 principles (Venkatesh, 
2012; Venkatesh et al., 2011). All the direct factors have predicted their dependent variable, according to the results. 
Previously technology acceptance, similar patterns were reported in various parts of the world, particularly BT 
development and usage (Francisco & Swanson, 2018; Talukder et al., 2019). The findings accepted the hypotheses, 
indicating that when BT's PE, EE, PT, HM, SI and FC prevail, users' excitement and desire to use blockchain for m-
banking grows, and vice versa (Riffai et al., 2012). 

The study’s findings show that the conceptual framework used in this research is suitable. The six factors studied 
in this research were PE, EE, SI, HM, PT, and FC. PE and EE refer to the individual-level characteristics that influence 
the BI of the UPAY users. FC is a factor at the organisational level that depicts the core of institutional preparedness 
for affecting users’ willingness to utilise novel technologies such as blockchain. SI is a societal level variable that has a 
significant influence on regression models. 

Furthermore, the PT variable primarily predicts consumers' behavioural responses to BT adoption based on their 
trust in the technology. Finally, HM represents that BT is entertaining and enjoyable to use for mobile banking. The R2 
for BI is 90.5%, and for BUBR, 88.8% values of both are considered significant (Aberson, 2019). 

This study shows that PE has a favourable impact on consumers' intentions to use blockchain since they feel it will 
increase their efficiency. As a result, mobile banking service providers are recommended to guarantee organisational 
support by educating executors and upgrading the BT platform's infrastructural framework. Adequate training and 
structural soundness are likely to have a big impact on users, giving them more confidence in their capacity to 
accomplish essential jobs promptly and with less money.  With a value of .270, HM is likewise a significant predictor 
variable, which means BT is more fun to use than traditional mobile banking. SI has a significant predictive variable 
with a coefficient of .230. 

On the other hand, FC has a beta of .143, which explains BI-based mobile banking. With a beta value of .122, EE 
is also an influential predictor variable. If the service provider provides effective leadership and flawless operations, the 
FC and EE forecast that financial companies and their users will have a positive mentality to use contemporary 
technology such as BT. PT is another indication of BI, with a beta of .139. This illustrates how consumer viewpoints of 
new technologies like BT are influenced by a higher degree of trust. The delicacy of financial transactions might 
explain the relationship between trust and technological acceptance. Previous innovation adoption research has also 
verified and validated trust (Alalwan et al., 2017; Kabir, 2021; Talukder et al., 2019). 

We also investigated the direct and indirect effects of FC on actual BT usage. The proposed framework of 
UTAUT2 is used to describe the desire to embrace BT and its subsequent acceptance. Much of the prior research failed 
to examine whether the desire to accept BT had a mediating effect on the proposed relationship between FC and actual 
use behaviour (Granovetter, 1978). The finding for BI's mediating influence in the relationship between FC and actual 
user behaviour differ from earlier studies that discovered complete mediation (Kabir et al., 2021). 

 
7. Research Implications 
7.1 Theoretical Implications 

The integration of innovations does not guarantee that they will be used and succeed. A conceptual approach is 
required to uncover the underlying driving reasons and challenges for using BT to track m-banking activities. Earlier 
studies have highlighted the importance of behavioural purpose and context in affecting technology adoption. This 
paper suggests that UTAUT2 understand better how innovations may be used to adopt blockchain-based mobile 
banking. The adoption of BT for m-banking activities is interpreted using behavioural modelling in this research. 
Technically, a conceptual system is constructed as a suitable paradigm for studying blockchain usage behaviour. 

Supporting new technologies and digital transformation in an organisation, such as adopting BT, allows for 
dramatic change by developing skills and knowledge that provide businesses with a competitive edge. For this study, a 
computational theoretical model combining the UTAUT2 model with the PT factor is created to uncover BT 
acceptance intention and implementation factors. To examine the approaches of engaging and increasing knowledge in 
open technology acceptance research, we evaluated the literature in line with the suggested theoretical framework of 
this research. We surveyed the genuine users of BT-based m-banking called UPAY, which was launched in Bangladesh 
for the first time. This study will undoubtedly contribute to the UTAUT model's literature by confirming prior studies 
from various viewpoints.  

PE, EE, SI, PT, HM, and FC were used as indicators to determine BI for BT adoption in the study. PE, SI, EE, PT, 
HM, and FC were identified as predictive factors in assessing user’s desire to adopt BT, and they have a significant 
positive impact (Alkahtani et al., 2019). In a nutshell, this research enriches the conceptual approach by explaining the 
determinants that influence BT-based m-banking. Thus, using the most recent theoretical paradigm, our study 
reconciled the present discrepancy in the literature. 
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7.2 Practical Implications 
Blockchain technology is primarily an internet-based technology with the potential to revolutionize many 

industries. This technology has the potentials to change the banking industry service completely. Blockchain is a 
distributed, digital record that enables secure corporate transactions, tracking, and bitcoin transfers. This technology 
allows users to capture and share a broader awareness of a system's status across a decentralised system. It can facilitate 
value transition and makes digital purchases greater reliable than typical payment methods. We can consider it an up-
and-coming and transformative technology since it reduces risk, eliminates fraud, and provides transparency in a 
scalable manner for a wide range of applications; that is why people are interested in dealing more with BT based m-
banking. However, it is transparent, and nobody is locked out even when looking for another party to make changes. 
All alterations to the document are logged in real-time, making them entirely transparent. It can make many secure 
transactions in less time and effort, which eventually helps both the users and the service provider. The rise of 
blockchain technology coincided with the financial services industries' shift to mobile payments, office less banking, 
and electronic exchange, threatening to disrupt international financial networks. The main reason for being a hot topic 
is because it is substantially less costly, and transactions are processed much faster. 

PE and EE have a significant impact on the intention to adopt BT, according to this study. Developers of BT-based 
m-banking systems should concentrate on creating a client-centric interface, recognizing the importance of robust and 
efficient functioning and the rapid flow of information to improve transparency and accessibility (Kazemi et al. 2015). 
The integrity and reliability of funding are a significant concern; PT is a crucial factor determining the motivation to 
use BT. Because BT is tech innovation, it is critical to trust the technology and its users. To increase their user's trust, 
financial institutions must decrease their ambiguity by providing adequate cyber security technologies that will 
encourage each organisation in the chain to feel more confident. The BT procedures must include organisational 
controls to prevent probable fraud and a violation of trust in transaction monitoring (Gu et al., 2009). Preliminary user's 
confidence would increase BT's acceptability. In addition, FC is a critical element of BT's mobile banking. The results 
of this paper can assist banking authorities in developing strategies for enlisting a significant percentage of banks to 
establish a BT-based m-banking network to provide a better banking platform for both organisations and their users 
(Kabir et al., 2021). In general, regulators, government, and business professionals are expected to raise critical 
awareness and expertise about the BT adoption process and its practical use in the banking and finance sector for 
various operations. 

 
7.3 Limitations and Scope for Future Research 

This research had a limited scope, which allowed for further research. First and foremost, this research is based on 
UTAUT2. UTAUT ignores some psychological assumptions about the adoption of BT, including privacy, risk and 
security evaluation procedures for apps, the need for connectivity, and the assumed link among multiple users. 
Furthermore, while UTAUT provides a framework for forecasting, it does not promote user acceptability (Brown et al., 
2010). Secondly, our method simply provides a few components in order to explain BT-based m-banking adoption. It is 
suggested that researchers can broaden our model by adding elements from the benefits of digital technologies for firms 
(Buzin et al., 1978; Ardiansah et al. 2020). Thirdly, we focused on BT adoption determinants in Bangladesh, which 
may not give enough evidence to extrapolate our results to the rest of the world. Lastly, this study does not focus on the 
deployment method's technical components that need to be included in adopting such innovations. So, future studies 
should explore the technological elements of BT in a variety of innovative applications. It will be fascinating to see 
how BT may be used with other approaches to provide better answers.  
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Appendix I: Base theories of the unified theory of acceptance and use of technology (UTAUT) model 

Theory Explanation of the Theory Source 
Author  Year 

Theory of Reasoned 
Action (TRA) Individual response is projected based on prior intent and behaviour.  Azjen, 1980 1980 

Social Cognitive 
Theory (SCT) 

Environmental effect like societal force and specific personal aspects 
like personality are similarly imperative to forecast behaviour. 

Bandura, 
1986 1986 

Technology 
Acceptance Model 
(TAM) 

Perceived usefulness and perceived ease of use can explain the end 
users’ technology acceptance tendency. Davis, 1989 1989 

Theory of Planned 
Behaviour (TPB) 

Psychological drivers influencing technology adoption have been 
explained in this model for the first time. Azjen, 1991 1991 

PC Utilization Model It is a model of combined TRA and TPB to explain use behavior 
instead of intention to use. 

Thompson 
et al., 1991 1991 

Motivational Model 
(MM) 

Extrinsic and intrinsic stimulus for the usages of technology have 
been described in this model. 

Davis et al., 
1992 1992 

Combined TAM-TPB 
Theory 

Subjective norm and perceived behavioural control have been added 
with the TAM to ensure a comprehensive explanation of technology 
acceptance. 

Taylor 
&Todd, 
1995 

1995 

Diffusion of Innovation 
Theory (DIT) 

Drive from intention to pervasive use has been explained in this 
model. 

Rogers, 
1995 1995 
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